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Progress

= Super-pixel Selection Approach Implementation (Real-X)
» Jethani et al., 2021

* In the Future:
» Various Datasets Experiments with Real-X
» Neural Architecture Search Study and Experiments

Jethani, Nell, et al. "Have We Learned to Explain?: How Interpretability Methods Can Learn to Encode Predictions
in their Interpretations." International Conference on Atrtificial Intelligence and Statistics. PMLR, 2021.
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Overall Progress

Problem

= Music Genre
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= Using STFT,
Mel-
spectrogram,
MFCC
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Comparison Results

Dataset (Genre) Proposed Lietal. Elbir et al.
Splitted Unsplitted Splitted Unsplitted Splitted Unsplitted
Ballroom 58.79 + 3.96 - 48.86 + 4.41 - 39.29 + 3.82 -
Ballroom-Extended |85.32+0.61 - 75.89 + 3.09 - 39.07 £1.49 -
FMA-MEDIUM - - - - - -
FMA-SMALL 54.34 +1.24 - - - 3741+ 0.74 -
GTZAN 87.70 £ 3.01 - 74.50 + 3.78 77.50 + 3.81 58.85 + 3.79 47.35+4.12
HOMBURG 5413+ 191 - 54.50 +2.93 53.49 £ 1.59 47.14 4+ 1.89 -
ISMIR04 80.07 + 1.64 - 68.36 + 1.61 70.96 +2.93 | 62.28 + 2.42 .
MICM 49.39+1.79 - 39.56 + 2.53 37.81 + 3.32 39.12 + 2.78 -
Seyerlehner-Unique |71.03 +1.49 - 63.88 + 1.53 - 55.59 + 3.45 -

Avg . Rank
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Medical Image segmentation using U-Net
r <U-Netusing OCR> = +===-=-=--------mmmmmmmm e m o m o m = -

Poor Good Excellent

- f

. o Part Detection Predictor
Original Images

= Predictor : segmentation image.
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Overall Progress

= Image
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Overall Progress

Counter Parts
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= Weakly
supervised
semantic
segmentation
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Progress

* This progress
+ DSRG 781 Al

* Further progress
+ DSRG +¢d 2t= 5! Z1t =9
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Progress

* Last Report

 Boosting tree 2t H =& (A. Ferraro et al.)

«  Multi-RNN 2t&# =F(Christian Hansen et al.)
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Overall Progress

Problem »  Counter Parts Experiments > Analysis
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Pl‘eViOllS (Boosting Tree, Multi-RNN approach)

Feature importance

se55i0n_position 10960
hour_of_day 10743
us_popularity_estimate 5130
session_length 5045
liveness 3473
duration 4442
i tEmpo 4238
% instrumentalness 4043
L valence 4030
loudness 3380
acousticness 3870
acoustic_wector 7 IE00
flatness 3561
acoustic_vector_4 3504
energy 3503
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Session Meta data
frackn [ V| MAA = 0.8510

<Session Embedding>

(length, premium, date)

First Prediction Accuracy = 0.807

O

L—

- Boosting Tree approach

Session position, hour of day & = T=A}X
S2E7H 59| = LIEGS

(MAA = 0.856, First Prediction Accuracy = 0.735)

E X|
=

s=0|

- Multi RNN approach
HHAH 2 dSAHH = H
H |:|. o MES2 H ?:I

(MAA =0.851, First Prediction Accuracy = 0.807)
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SKip Prediction Using Binary Classifier

_________________________________________ === == mmmmmm e mmm e m oo
Track features <SKkip Prediction> E
. I

Acousticness Input output E
Duration track feature . :
Energy Jg 4 Skip !
]?eat Strength Session feature i
empo Not Skip i

i

I

I

I

]

Session features

Session I B
Length vl g
Sessif)n e N R v
Position Tt ot Skip =&7| H| 1
Behavior
B | B By Model MAA First Prediction
Accuracy

Boosting Tree 0.856 0.735
Multi-RNN 0.851 0.807
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Iﬂp“t / O“tp“t Session feature

7I-7I-O| XHAH A—||A=| E Xl (_._ 207”)
- user behavior, session length, hour &

< Input > Track Session User Reason | User Reason
ID Position Start End
Ses;ionlfelgure — ... trackdone fwdbtn
rac 1 B 2 ... fwdbtn trackdone
1 C 3 ...  trackdone backbtn
Select by < Output >
track 1d

(Skip)

_ 0.8097 1
A 4
0.12134 1945 0.8123456 166.123 —
—>| Concat P Model 0.5623
B 0.84961 ... 2002 0.1565787 95.456 0
C 046123 ... 1987 0.3589878 100.798 0.3056 0

Track feature

: Tack IDO]| ol &5t= 4 52| & 2t 29| skip O S0
- acousticness, loudness & (& 297H) Ciot Ol = =& <k
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Result

0.80 1 - LossZI o] =EHolX| g= &
175 : Binary classification BF& 0| &%t 2 240 X7 Y= A=
| A ZHE]
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Government-funded Research Projects:
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FH 2B

"IET'_' —|-'H'- I-ﬁ

1) Severity =47 : £ 2t & (Scientific Reports / 2nd review round)
2) Segmentation ‘d& Hl : =& X TH &
3) Active =& : =& HYU W F0]&4)
4) 5™ M O F5(AHE only/CT only/ArXI +CT) : H|0|H =& sH4 0{2{ % Hold
5) Active + Severity SA| 0|52 8¢t == 1 O & T
6) AtE! 7| =THE 20| FE (G, SEHB)
6-1) Dynamic Time Warping (DTW) 7|2t E/HE & =Xt &KX =&
6-2) El2ld 7|8t EIHE & =S4t O HA|
7) e i 2, ZO0=X] or LIS =X or L= Q1K
8) Bone Segmentation
8-1) -+ | X| H| 1 O“Z'H—f EL[RA=K] EE
8-2) = & M MAH =, +=0| & o | R=K| B
9) CT->MRI #H &t & & (Super-Resolution, Style Transfer)

10) Severe = O0f| A| Very Severe &%
11) TAOQIX|, CH-E EHOIX| EHE

-

_ |:-||0|E.|kll _‘I.I.* PN g
1) 3D Segmentation (St"8) : AX1 ~AX5 H| J|OHE0|MH XA F
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 Material and Method =0t 2T (~04.12, Ct= T 2}
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Government-funded Research Projects:
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ZIgALS

e X|LFHHE T
« Software 371 & T S(~2&)
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« Software 371 55 23l S(~43)
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References (Haesung Oh)
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